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Abstract:  Fine-scale simulation, in which the parcel is the basic spatial unit and urban activity body is the simulation object, is an
important research direction for the urban modeling in the future, and the arrival of big data era also provides an important development
opportunity for it. In the paper, the mainstream modeling methods for fine-scale urban modeling are introduced mainly, including cellular
automata (CA), agent-based modeling(ABM) and traditional Microsimulation (MSM) ,all of which are microscopic simulation from the
bottom up. Then, according with the high-standard data requirements for the fine-scale urban modeling, the paper sums up the
internationally acceptable methods for the fine-scale simulation data synthesis (population synthesis), and also gives a number of practical
cases about the fine-scale urban modeling in recent years. Finally, the paper puts forward the framework and key technology, based on
GIS platform and combined with CA / ABM / MSM method, to construct fine-scale urban modeling, to support the development and
assessment of spatial policy in the metropolitan area.
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